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How (Un)intelligent Is Our Collaboration With
Artificial Intelligence?

Siri Beerends*

I. Introduction

In 1950, computer scientist Alan Turing developed
the Turing Test: a key test for intelligence in a com-
puter, requiring that an individual should be unable
to distinguish a machine from a human being by us-
ing the replies to questions asked to both. This has
since become an important method to evaluate AI.
The test has also become an object of criticism, ques-
tioning whether it is a proper way of measuring ma-
chine intelligence, and questing what we actually
mean by intelligence.

Singularity theorists like Ray Kurzweil predict that
‘artificial superintelligence’ will surpass all human in-
telligenceandtriggerarunawaytechnologicalgrowth,
resulting in unfathomable changes to human civiliza-
tion. According to critical experts in the field of arti-
ficial intelligence, our expectations of AI are predom-
inantly based onmisguided conceptions of the poten-
tial of the machine and not on its technical perfor-
mance. As a consequence, human intelligence is too
quickly assigned to computers. Philosopher Luciano
Floridi evenclaims that trueartificial intelligencedoes
not exist.1 Some AI-experts prefer the term ‘statistics
on steroids’ or ‘statistics 2.0’, pointing out that com-
puter intelligence has not increased, they just have
more computing power, more access to data and are
more interconnected due to the Internet of Things.2

Discussing whether a machine is intelligent is rel-
evant, but more urgent is the question whether our
collaborations with machines are intelligent. An in-
telligent collaboration with AI requires complemen-
tary traits, since there is no point in teamwork when
all actors possess similar qualities. However, this is
precisely what Singularity theorists predict: that the
differences between human brains and artificial
brains will disappear because human intelligence is
not more special than computer intelligence. Every
scientific breakthrough makes our species less
unique. With the advent of the telescope we turned
out not to be the center of the universe, with a bet-
ter understanding of geologyweproved not to be cre-
ations from God, and now we ought to believe that
artificial intelligence is ‘bumping us from our
throne’.3

Aside from a hurt ego, there are more important
reasons why humans feel the urge to distinguish
themselves from computers. Consciousness, com-
mon sense, intuition, willpower, intentionality, cre-
ativity, imagination, morality, emotional intelligence
andphenomenological experience are capacities that
computers don’t have. Few computer scientists have
takenAI’s lack of evolutionary history as physical be-
ings into account: contrary to computers, humans
have the ability to learn things that natural selection
did not pre-program us with.4 Distinctive human ca-
pacities are extremely important, not toput ourselves
on a throne, if we want to complement and collabo-
rate with AI and to guide further development of AI
applications.

II. Unintelligent Collaborations with AI

Politicians and lawyers argue in favor of more re-
search and supervision on the self-learning aspect of
artificial intelligence, so we can ensure that comput-
ers keep doing what we want. But our computers al-
ready stoppeddoingwhatwewant since surveillance
capitalism5 knocked at our door, reducing us to com-
modities for the datamarket. Themomentwe switch
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on our devices, the algorithms of the Big Five6 are in
charge, gluing us to our screens, keeping us clicking,
liking and swiping: generating data-fuel to train their
artificial intelligence.

In her book The Age of Surveillance Capitalism
(2019) philosopher Shoshana Zuboff shows how
monetization of data, captured through monitoring
and predicting people's movements and behaviors
on and offline, is shaping our environments, behav-
iors and choices without us being aware of it. Algo-
rithmic predictions about the things we want to buy,
watch, read and click, are not successful because big
data knows us better than our friends -as is often sug-
gested, the predictions are correct because they re-
strict and guide our choices. Algorithms are often
trained with data from users already exposed to al-
gorithmic recommendations, this creates pernicious
feedback loops.7 Based on our clicks, algorithms pin
us down on a few categories, for example ‘white-de-
pressed-xenophobic-heterosexual-cat-lover desiring
to have children’, forming the basis for all results that
are shown to this person. As a result, our self-percep-
tion is changed and the capacity to explore and re-
define our identity gets narrowed down.

Of course, algorithms can do wonderful things,
such as predicting the development of cancer en-
abling better treatment. But when it comes to pre-
dicting human behavior there are many proven pit-
falls, since not all aspects are suited for quantifica-
tion. Mathematician Cathy ‘O Neil describes algo-
rithms as ‘opinions embedded in code’. Her bestseller
Weapons ofMath Destruction (2016) has put algorith-
mic injustice on the international agenda. Algorith-
mic models can suffer from bias and mix-up correla-
tion and causality. The models are based on majori-
ties and averages, excluding minority perspectives
and minority traits. Societal inequalities and stereo-
types are not only reflected in algorithms, they are
also hardwired into these systems and spread on a
larger scale. By solely prioritizingmeasurable aspects
of behavior and scramming non-measurable aspects
into simplified algorithmic models, we lose ambigu-
ity and diversity out of sight. These problems have
not stopped governments from implementing algo-
rithmic predictions in smart cities, predictive polic-
ing and social welfare systems. Instead of judging
humans on the basis of what they are doing, West-
ern governments and companies are increasingly
judging humans on the basis of what theymight do.
Although these predictions are not always accurate,

they guide how citizens are approached in the online
and offline world.

According to Zuboff, humans are slowly trans-
forming into automates: becoming just as pre-
dictable, controllable and programmable as ma-
chines. Alongside with Zuboff data-driven technolo-
gies areproblematisedbyagrowingnumberofmath-
ematicians, lawyers, historians, media-theorists and
social scientists.8 Their advice is to stop worrying
about a Superintelligence that will replace us, and
start worrying about the devices, sensors and algo-
rithms that are replacing human decision making,
without having proper understandings, mental
states, interpretations, emotional intelligence, se-
mantic skills, consciousness and self-awareness.

Political scientist Virginia Eubanks investigated
the impacts of data mining, algorithms, and predic-
tive risk models on poor and working-class people in
America. With examples from their everyday lives
she describes how government data have imposed a
regime of surveillance, profiling, exclusion and pun-
ishment. While data technologies are often praised
by policymakers as a way to deliver services to the
poormore efficiently, Eubanks shows that it worsens
inequality. The ‘digital poorhouse’ as she calls it, al-
lows managing the poor in order to escape our re-
sponsibility for eradicating poverty. Instead of more
data, they need better resources.9

In order to prevent that we rely too easily on dys-
functional AI-systems like the ones Eubanks de-
scribes, we need a better understanding of the capac-
ities and weaknesses of humans as well as comput-
ers. A complementary collaboration requires a better
understanding of the differences between both.

6 Alphabet, Amazon, Apple, Facebook, Microsoft

7 Chaney et al, ‘How algorithmic confounding in recommendation
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cy (Broadway Books 2017); Jamie Bartlett, The People Vs Tech:
How the Internet is Killing Democracy and How We Save It
(Random House 2018); James Bridle, New Dark Age: Technology,
Knowledge and the End of the Future (Verso Books 2018); Edward
Tenner, The Efficiency Paradox: What Big Data Can't Do (Knopf
2018); Brett Frischmann and Evan Selinger, Re-engineering Hu-
manity (Cambridge University Press 2018); Douglas Rushkoff,
Team Human (W. W. Norton & Company 2019)
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III. Human-like Machines

Search engines and computer systems calculating
when someone is eligible for a specific insurance or
medical treatment are generally qualified as artifi-
cially intelligent. According to critics, these types of
computer systems are not necessarily intelligent
since there ismore to intelligence than pattern recog-
nition and computation. When we look at language,
reasoning ability, consciousness, planning and com-
mon sense, AI is reserved for science fiction movies
like Ex-Machina and Her. Even though popular me-
dia give us the impression that we are already sur-
rounded by computers that can think, feel and un-
derstand in the same ways we do.

An example is image recognition, in which com-
puters ought to be equally skilled as humans. In pop-
ular media, we don’t hear about computers mistak-
ing a road sign with stickers for a refrigerator. Com-
puters becomebetter at categorising images, but they
don’t understandwhat they see and recognise images
in the advancedmanner people do. Humans are able
to distinguish relevant from irrelevant information
and are therefore not distracted by a few stickers. Our
common sense enables us to react adequately in sit-
uations we have never seen before. Computers are
better at playing chess and Go, but when it comes to
intuitively understanding social contexts, a two-year
old surpasses a computer.10

Although categorisation and recognising things
are not the same things, they are often mixed-up. An
example is the ‘AI gaydar’ research where an algo-
rithm ‘recognised’ all men with accentuated eye-
brows as homosexual. In practice, homosexuality
turned out to be more complex than detecting devi-
ating eyebrows. Also the iPhone X, that unlocks your
phone through image recognition, doesn't appear to
recognise all faces, for example those of children and
people who look physically alike.

Robot engineers intentionally design robots with
face, speech and emotional recognition technology
in such a way that it is easy for us to forget the me-
chanical aspects. The Japanese robot engineer Pas-
cale Fung claims to build ‘robots with a heart and

soul'. According to Fung, robots are empathic and
able to understand human language and emotions.11

These types of claims are misleading because social
robots don’t have empathy, they simulate empathy.
Also, they don’t understand our language; they sim-
ulate to understand our language.

Although simulated robot empathy can be as valu-
able as human empathy, these differences are rele-
vant because they can help us to establish a comple-
mentary collaboration with computers. Moreover, in
dealing with robotic look- and talk-a-likes, we get to
know ourselves and are challenged to refine our de-
finition of what a human being is.

IV. Machine-like Humans

The most distinctive and hotly debated characteris-
tic of humans compared to computers is conscious-
ness.Althoughneuro-scientistsdon’t knowwhat con-
sciousness is and how it exactly works, Singularity
theorists predict that one day computers will have it.
Whether this is the case is not so much determined
by progress in AI, but more by our understandings
of these concepts. It is easy to claim that machines
will have consciousness if you define consciousness
as accepting new information, storing and retrieving
old information and cognitive processing of it all in-
to perceptions and actions. This definition leaves no
room for the perspective that creativity, empathy and
our sense of freedom do not come from logic or cal-
culation.

Computer scientists who predict that computers
will have consciousness argue that there is nothing
more to humans than computable aspects. Where
Zuboff argues that we are slowly transforming into
automates, they argue that we are not becomingma-
chines;we simplyaremachines. Robot engineers like
Fung claim for example that simulating empathy is
the same as having empathy and decoding language
is the same as understanding language. Consequent-
ly robots are considered suitable candidates for so-
cial jobs, such as being a waiter. Of course robots are
capable of taking orders, but there’s more to the job
than that: a good waiter can gauge the atmosphere,
empathise with guests and respond to unexpected
situations. However, to let a serving machine do his
work, customers need to adjust their behavior in ad-
vancewithstructuredmovements, clear facial expres-
sions and univocal language. To make sure we are

10 Bennie Mols, ‘Robots lijken best knap tot je dieper gaat graven’
NRC-Handelsblad (Amsterdam, 20 October 2017)

11 Pascale Fung, ‘The Mind of the Universe’ (VPRO July 2017)
<https://www.vpro.nl/programmas/the-mind-of-the-universe/kijk/
wetenschappers/fung.html> accessed 24 February 2019
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properly understood by amachine, we need to adjust
our behavior and environment to the standards of
themachine, becomingmoremachine-like ourselves.

Whether you consider human beings computable
machines or not, we are increasingly surrounded by
data-driven technologies and robots that are stan-
dardizing and addressing rational behavior. Smart-
phones, health apps, wearable technologies, digital
assistants, social robots and smart toys are not neu-
tral devices. They represent social regimes, emotion-
al regimes and health regimes that eliminate irra-
tional behavior and encourages us to behave in ac-
cordance with the moral standards that are pro-
grammed into these devices: don’t eat another cook-
ie your sugar intake is 25 grams, call a friend you
haven’t been socially active on your smartphone for
two days, watch this funny cat clip your facial expres-
sion has a sadness score of 9 points. These technolo-
gies promote the cultural ideal of, what sociologist
Arlie Hochschild calls ‘the manageable heart’. It im-
plies that we can use these technologies to continu-
ously control our emotions and behavior in a ratio-
nal manner. To determine which neighborhoods are
unsafe, what we want to buy, watch and listen, who
we want to date or hire for a job, we don’t have to
think or rely on our senses, we outsource it to algo-
rithms that guide our decisions and confirm our own
worldviews. Why opt-out if you can spend your en-
tire life in a warm bath with filter bubbles and quan-
tified simplifications?

V. Intelligent Collaborations with AI

The answer is because itmakes usmoremachine-like
and less able to establish intelligent, complementary
collaborations with AI. The differences between hu-
man brains and artificial brains might indeed de-
cline, not because of artificial superintelligence, but
because we are becoming more programmable. Of
course, we are by nature technological creatures and
have always been shaped by technology. However,
we have not always been shaped by data-driven tech-
nologies run by surveillance capitalism; never in the
history of mankind, human beings have been quan-
tified, measured and monitored on such a big scale.

Presupposing we stop nudging humans to behave
more machine-like and start investing in machine
learning and human learning, AI will not create a
useless class of humans. It rather enables us to out-

source repetitive and dull tasks, creating more room
for human value and significance in our own work.
Weneed to stopoptimizinghumans for thedata-mar-
ket and explore when and how humans are becom-
ing more programmable. Who is doing the thinking
as we depend on data-driven technologies and who
controls these technologies? We need to consider
which human skills are lost — differentiating be-
tween situations where this is problematic and non-
problematic — and which new skills are gained. Hu-
mane technology movements are already asking
those questions, developing civil technologies that
guarantee inclusion, serendipity and autonomy. An
example of technology that allows complementary
collaboration with AI is Debater: a computer that
showsusdivergentviewpoints about aparticular top-
ic so we can sharpen our thinking process.

Additionally, we need more nuanced understand-
ings ofwhat artificial intelligence is and howour per-
ceptions of AI are shaped by marketing discourses
from Silicon Valley and the Big Five. To do so, we
needan interdisciplinarydebate aboutwhatwe think
of as intelligence and consciousness, taking into ac-
count that surveillance capitalismandAI-systemsare
also changing our (perceptions of) intelligence and
consciousness.

In order to establish an intelligent collaboration
with AI we should neither underestimate nor over-
estimate the ability of computers. In anumber of con-
texts AI systems outperform human experts. Stan-
ford researchers have for example developed an al-
gorithm that can diagnose pneumonia better than ra-
diologists. But, as Cathy ‘ONeil andVirginia Eubanks
have demonstrated, not all problems, decisions and
predictions are suited for quantifications and AI so-
lutions. The field of AI mainly derived from a math-
ematical and technological-engineering approach
where humans don’t have a central position. Since
AI is used in many non-mathematical domains, such
as communication, social welfare and the service in-
dustry, AI studies and technological engineers need
to focus more on divergent cultural logics and irra-
tionalities, respecting our ambiguousworld in every-
day contexts.

Lastly, and this is rarely mentioned in discussions
about the future of AI, we need to consider the im-
pact of our expanding digital ecosystem on the envi-
ronment. IoT devices contribute to energy savings,
but the total sum of data storage centers, home ap-
pliances and high-tech consumerism — consider
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Amazon’s patent on algorithmic predictions to offer
anticipatory shipping — will contribute to the
world’s energy bill. Experts are divided on whether

AI-applications spell doom or salvation for the envi-
ronment, but they agree that we should not wait too
long to find out.


